On the (Im)Practicality of Adversarial Perturbation for Image Privacy
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e Convolutional Neural Networks (CNNs) are
susceptible to adversarial perturbation
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e Our Universal Ensemble Perturbation can fool
well-known face recognition models at least for
90% of the perturbed images for f = 4
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Practical Requirements:
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e Both UEP and k-RTIO satisfy practical requirements
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